25 =t

e o EE FEEE VT4 — 77— =2 712 & B DU AR 5F
49% 275 81~ 86
2022 410

B e
HEREE W74 — 7T —= ¥ 72 X 5 L AR O & B EFll
o o OKY M & B Y K B % WY
BoXoW oY % oE

Objective assessment of oral hygiene using deep learning
with tongue photographs.
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Oral hygiene is important for the prevention of airway infection by family members and caregivers. In
recent years, deep learning research in the medical field is developing. In this study, we aimed to establish
a system that objectively evaluates tongue stains by capturing images of the tongue with smartphones. As a
result, the ability of deep learning to judge the oral hygiene condition was 1.00 for sensitivity, 0.98 for spec-
ificity, and 0.99 for accuracy, based on the judgment by a dentist. These show that it is possible to establish
an objective evaluation method for oral hygiene based on images of the tongue taken a smartphone.

Key words : oral care, deep learning, tongue images
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